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 Here, | propose the third method, grouped regressor CDDs (base temperatures = 18°C, 23°C, and 28°C) JMA

effect model (GREM). The GREM classifies regions HDDs (base temperatures = 8°C, 13°C, and 18°C) JMA Model performance assessment (In-sample MAPE and CV RMSE)

into several groups and estimates a regression

coefficient vector for each group. Figure 1: Structure of the GREM
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 The effect of each regressor differs among the groups. regressor effects are necessary to explain
Japan’s residential energy demand.
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Step 3: Estimates the GREM parameters.

» A future challenge is to find the best way of
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Table 1. Summary of the estimated models

« R 4.2.1 and glmnet 4.1-4 [3] were used for parameter
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